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ABSTRACT 
The use of artificial intelligence (AI) in financial services within library management has the potential to bring 
about significant transformation. However, the effective implementation of these technologies depends on 
comprehending the distinct elements that influence consumer approval, particularly in the context of libraries 
where user trust and resource optimization are critical. This study presents an expanded framework called the 
Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) that is specifically designed for the use of 
artificial intelligence (AI) in the financial services industry, with a focus on library management. The paradigm 
incorporates essential AI-related factors, including trust, explainability, data privacy, algorithmic responsibility, 
and empowerment theory, which are crucial for ensuring effective financial decision-making in libraries. The 
suggested model provides a theoretical basis for guiding the adoption strategies of financial services in library 
management using AI and establishes the necessary framework for future empirical evaluation of its prediction 
powers, thereby helping libraries optimize their financial operations and enhance user services. 

 

Keywords: AI Adoption, Financial Services, Libray Management, UTAUT2, Technology Adoption 
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1. 1.INTRODUCTION: 
 

Artificial intelligence (AI) has the capacity to revolutionise operations, decision-making processes, and consumer 
experiences in the financial services industry (Deshpande, 2020; Maple et al., 2023; Xie, 2019). AI systems offer 
significant advantages in fraud detection, risk assessment and personalised financial advice (A1-shabandar et al., 
2019; Deshpande, 2020; Huang et al., 2021; Maple et al., 2023). However, in order to fully utilise these 
groundbreaking capabilities, financial institutions must successfully navigate the complexities of AI 
implementation (Ahi et al., 2022; Coetzee, 2018; Ebbage, 2018; Konigstorfer & Thalmann, 2020; Madanaguli et 
al., 2024; Zhan et al., 2024).   
 
Understanding the factors that influence the adoption and use of AI technologies in this specific situation is 
extremely important (Floridi et al., 2020; Gansser & Reich, 2021; Pillai & Sivathanu, 2020; Molton, 2020; Xie, 
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2019). The Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) is a widely recognised framework 
for examining the adoption of technology. Nevertheless, given the distinct attributes of artificial intelligence and 
the tightly controlled nature of the financial sector, it is imperative to modify this model. Multiple studies (Allen, 
2020; Aswani et al., 2018; Cabrera-Sanchez et al., 2021; Cao et al., 2021; Kelly et al., 2023; Siswanto et al., 2018; 
Venkatesh et al., 2003; Venkatesh, 2021; Williams et al., 2015; Wiradinata, 2018) have acknowledged the 
necessity for adaptation. For a successful integration of AI in the financial services sector, it is crucial to take into 
account factors such as trust, explainability, data privacy, algorithmic accountability, empowerment theory, and 
core UTAUT2 concepts. In order to take into account these factors, it is imperative to incorporate a 
comprehensive framework. Multiple studies have investigated this subject, including research conducted by 
Berman et al. (2024), Cabrera-Sanchez (2021), Deshpande (2020), Diaz-Rodriguez et al. (2023), Elliott et al. 
(2021), Huang et al. (2021), Kelly et al.  
(2023), Mehrotra (2019), Radclyffe et al. (2023), and Venkatesh (2021).   
 
1.1 The use of artificial intelligence (AI) in the financial services industry: its applications and potential 
opportunities: 
Artificial intelligence (AI) is exceptionally proficient at detecting and thwarting fraud by analysing extensive 
datasets to pinpoint patterns indicative of fraudulent behaviour. This exceeds the abilities of conventional rule-
based methods, as evidenced by multiple studies  
(Anantharaman et al., 2023; Babina et al., 2024; Choi & Lee, 2018; Dunsin et al., 2024; Makki et al., 2017; 
Murugesan et al., 2023; West & Bhattacharya, 2016). Artificial intelligence models utilise a broader spectrum of 
structured and unstructured data to provide more accurate assessments of creditworthiness, market predictions, 
and investment risk analysis (Carolus et al., 2023; Fatouros et al., 2024; Jain &Vanzara, 2023; Li et al., 2021; 
Maple et al., 2023; Zhou et al., 2018).   
 
Robo-advisors, utilising artificial intelligence, offer tailored investment guidance, portfolio administration, and 
financial planning services (Anantharaman et al., 2023; Babina et al., 2024; Diaz-Rodriguez et al., 2023; Zhu et 
al., 2023). Artificial intelligence is employed in high-frequency trading, where sophisticated algorithms analyse 
vast amounts of market data to autonomously carry out transactions (Anantharaman et al., 2023; Huang et al., 
2018; Jobin 
& Ienca, 2019; Papagiannidies et al., 2023).   
 
While AI has already demonstrated its potential in various aspects of the financial sector, these capabilities can 
be adapted to address the unique financial management challenges faced by libraries. The subsequent sections 
will explore how libraries can leverage AI for financial decision-making and operational efficiency, drawing on 
the innovations established in the broader financial industry 

1.2 The Role of AI in Enhancing Financial Efficiency in Libraries: 

The integration of Artificial Intelligence (AI) into library management is increasingly becoming a focal point for 
enhancing operational efficiency, particularly in the realm of financial services. Libraries today are not just 
managing physical collections but also digital resources, requiring sophisticated financial planning and allocation 
to meet diverse user needs. Traditional financial management in libraries often involves manual processes, which 
can be time-consuming, prone to errors, and limited in scope. AI presents an opportunity to automate and 
streamline these processes, leading to improved financial efficiency. 

AI can assist libraries in several key financial areas, including budgeting, forecasting, and resource allocation. For 
example, AI algorithms can analyze historical expenditure data to predict future budgetary needs with greater 
accuracy, allowing libraries to plan more effectively. This predictive capability can also extend to identifying 
trends in resource usage,  
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helping libraries allocate funds to the most in-demand materials and services. By optimizing the allocation of 
resources, libraries can ensure that they are meeting user needs while also maintaining financial sustainability. 

Furthermore, AI can play a crucial role in cost optimization by automating routine financial tasks such as invoice 
processing, procurement, and inventory management. By reducing the need for manual intervention, AI can help 
libraries minimize operational costs and reallocate savings to areas that directly benefit users, such as acquiring 
new materials or improving digital access. Additionally, AI can provide libraries with data-driven insights into 
the return on investment (ROI) for different services and programs, guiding strategic decisions on where to invest 
limited resources for maximum impact. 

The adoption of AI in library financial management is not without challenges, including issues related to trust, 
transparency, and ethical use of technology. However, when implemented thoughtfully, AI can significantly 
enhance the financial efficiency of libraries, allowing them to provide better services while operating within 
budgetary constraints. This integration is crucial for libraries seeking to adapt to the evolving landscape of 
information services and to continue serving their communities effectively. 

1.1 1.3 Obstacles and Factors to Take into Account while Implementing AI in the Finance  Industry: 
Trust is of utmost importance in the field of finance. Users must have confidence in the reliability, fairness, and 
clarity of AI-generated recommendations (Afroogh et al., 2024; Berman et al., 2024; Berman et al., 2024; Cao et 
al., 2021; Diaz-Rodriguez et al., 2023; Konigstorfer & Thalmann, 2020). Explainable AI (XAI) is essential due 
to the inherent opacity of certain AI models, such as deep learning, which hinders comprehension. Thorough 
explanations of their decision-making processes are crucial, especially in situations where there is a high potential 
for significant financial consequences (Berman et al., 2024; DiazRodriguez et al., 2023; Hacker, 2023; Haque et 
al., 2023; Gaczek et al., 2023). Financial institutions have the responsibility of managing sensitive data and 
therefore must establish robust data protection and cybersecurity protocols in compliance with regulations. 
 
Ensuring algorithmic accountability is of utmost importance in the financial sector to ensure the responsible and 
ethical implementation of AI systems. To achieve this, it is necessary to create explicit governance frameworks, 
mechanisms for oversight, and the ability to conduct audits of these systems. Multiple studies (Anantharaman et 
al., 2023; Diaz-Rodriguez et al., 2023; Gupta, 2022; Hacker, 2023; Truby et al., 2020) highlight the significance 
of these measures.   
1.4 The purpose of Empowerment Theory: 
Furthermore, user empowerment should be taken into account alongside the fundamental elements of UTAUT2. 
Users are more inclined to embrace AI technologies when they feel empowered by their capabilities (Chen et al., 
2023; Gansser& Reich, 2021; Pillai &Sivathanu, 2020; Sharma & Sharma, 2019; Venkatesh, 2021).   
 1.5 Objectives and Importance of the Research: 
This study introduces an extended Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) framework 
specifically tailored for the adoption of artificial intelligence (AI) in the financial services sector, with a focus on 
library management. The framework aims to provide strategic guidance for implementing AI effectively in this 
context. By integrating crucial AI-related elements such as trust, explainability, data privacy, and algorithmic 
accountability alongside the established UTAUT2 components, the framework addresses the unique challenges 
associated with AI adoption in library financial services. 

The theoretical contribution of this study lies in enhancing the understanding of AI implementation in the financial 
services industry, particularly within libraries. The enhanced UTAUT2 framework helps identify the factors that 
facilitate or hinder the efficient use of AI technology in this setting. This serves as a valuable tool for financial 
institutions and libraries, enabling them to optimize their financial operations and enhance user services through 
the strategic adoption of AI. 

2. 2.LITERATURE REVIEW: 
This literature review examines the progress of artificial intelligence (AI) in enhancing financial management 
within libraries, its potential benefits, and the current approaches to implementing AI technology in this context. 
It also explores the unique challenges libraries face in adopting AI for financial services, such as budgeting, 
resource allocation, and cost optimization. By focusing on these specific challenges, the review aims to provide a 
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tailored understanding of how AI can be effectively integrated into the financial aspects of library management 
to improve efficiency and decision-making. 

 

 

2.1 The growing influence of artificial intelligence in transforming the financial services industry: 
To effectively guide AI adoption efforts, it is essential to examine the ways in which AI is changing traditional 
processes and the tangible benefits it offers. The ability of AI to analyse vast datasets exceeds that of traditional 
methods in identifying anomalous patterns indicative of fraudulent behaviour. Multiple studies consistently 
demonstrate that artificial intelligence (AI) consistently achieves greater precision in identifying fraudulent 
activities, thereby greatly improving the security of financial transactions and systems (Al-Hashedi & 
Magalingam, 2021; Awosika et al., 2023; Dunsin et al., 2024; Hajipour et al., 2023; Han et al., 2020; Sowmya & 
Sathisha, 2023).   

Given the success of AI in transforming financial services, there is an opportunity to transfer these advancements 
to library management. By adapting AI’s capabilities, such as risk assessment and fraud detection, libraries can 
improve their financial operations, ensuring efficient use of resources and enhanced user services. 
2.2 AI models risk assessment and market predictions: 
AI models enhance risk assessment and market predictions by integrating a broader array of data sources, 
encompassing both structured and unstructured data. This results in more precise assessments of creditworthiness, 
examination of investment hazards, and predictions of market patterns. Multiple studies have provided evidence 
for the efficacy of artificial intelligence (AI) in these domains (Anantharaman et al., 2023; Babina et al., 2024; 
Berradi et al., 2020; Ferreira et al., 2021; Jain & Vanzara, 2023; Nazareth & Reddy, 2023; Use cases and 
applications of AI in banking and finance, Shiva et al., 2023). Studies have shown that using AI-generated insights 
can improve decision-making in banks and investment firms, leading to potentially more effective risk 
management strategies (Ashta & Herrmann, 2021; Aziz & Dowling, 2018; Deshpande, 2020; Diaz-Rodriguez et 
al., 2023; Giudici, 2018; Huang et al., 2021; Konigstorfer & Thalmann, 2020; Scarpi & Pantano, 2024).   
2.3 AI Algorithms as Robo-Advisors: 

AI algorithms are employed in robo-advisors to deliver customised financial guidance, investment suggestions, 
and portfolio administration services. This technology has increased the availability of customised financial 
planning. The following references are cited: Aziz & Dowling (2018), Belanche et al. (2019), Breid (2024), Diaz-
Rodriguez et al. (2023), Jung et al. (2018), and Salampasis et al. (n.d). In order to create AI-driven financial 
services that are accessible and efficient, it is crucial to comprehend the variables that impact the acceptance of 
robo-advisors. The factors encompass perceptions of trust, potential biases, and user demographics. The 
significance of these factors has been emphasised in multiple studies (Atwal & Bryson, 2021; Belanche et al., 
2019; Boreiko & Massarotti, 2020; Brenner & Meyll, 2020; Lee, 2020; Shiva et al., 2023; Zhu et al., 2023; Zhu 
et al., 2024). Similar to robo-advisors in personal finance, libraries can use AI to develop automated tools that 
assist in financial planning and resource allocation, ensuring optimal budgeting and investment decisions that 
align with the institution's long-term goals. 

2.4Analysing Adoption: The UTAUT2 Model and its Possible Constraints: 
Established frameworks like the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) offer a solid 
basis for understanding the factors that impact the adoption of technology. The fundamental concepts of 
UTAUT2, such as performance expectation, effort expectancy, social influence, and enabling conditions, form 
the basis for evaluating user motivations (Alghatrific & Khalid, 2091; Venkatesh et al., 2023). An examination 
of the implementation of UTAUT2 in finance and other industries offers valuable insights into its effectiveness 
and limitations in understanding the complexities of AI adoption in this specific field (Alghatrifi & Khalid, 2019; 
Cabrera-Sanchez., 2021; Gharaibeh et al., 2018; Gansser & Reich, 2021; Hunag& Kao, 2015).   

2.5 Adoption challenges in using AI in the field of finance need a customised approach: 
2.5.1 Trust: 

Trust is paramount in the context of AI-driven systems, particularly in scenarios that entail significant financial 
decisions. This is corroborated by numerous studies (Afroogh et al., 2024; Ameen et al., 2021; Diaz-Rodriguez et 
al., 2023). The study investigates the crucial factors that influence confidence in AI, such as the reliability of the 
system, the absence of algorithmic bias, and the ability to comprehend the rationale behind AI recommendations 
(Berman et al., 2024; Kelly et al., 2023).  In the context of library management, trust in AI is equally crucial. 
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Libraries must ensure that AI-based financial decisions, such as budget allocation or resource investments, are 
transparent and align with the institution's mission to serve its community effectively. 
2.5.2 Explainable AI (XAI): 
Explainable AI (XAI) is a field that focuses on developing techniques to elucidate the complex decision-making 
processes of AI, especially in scenarios with significant financial consequences (Clarke, 2020; Gilpin et al., 2018; 
Haque et al., 2023; Haque et al., 2023; Linardatos et al., 2020).   
2.5.3 Data Privacy and Security: 
In order to foster user trust in AI systems, institutions must demonstrate strict data protection policies and 
compliance with relevant laws when handling sensitive personal and financial information (Bae et al., 2018; Jin, 
2018; Lepri et al., 2021; Scarpi&Pantano, 2024). The study examines the technological and psychological aspects 
of data security, with a specific emphasis on how users perceive and protect their information in the financial 
sector.   
2.5.4 Algorithmic accountability: 

Ensuring algorithmic accountability is of utmost importance as artificial intelligence-powered systems become 
increasingly prevalent in the field of finance. This necessitates the implementation of transparent governance 
frameworks, robust monitoring systems, and the ability to carry out audits. The research investigates the ethical 
consequences and the development of standards for holding artificial intelligence accountable. Its goal is to 
promote responsible and transparent utilisation of AI (Berman et al., 2024).   
2.5.5 User Empowerment: 
Integrating user empowerment into the current UTAUT2 elements could enhance the effectiveness of the adoption 
framework. Studies on technology adoption suggest that consumers who perceive new technologies as 
empowering are more inclined to embrace them (Aswani et al., 2018; Kim & Gupta, 2024; Naranjo-Zolotov et 
al., 2019; Taherdoost, 2018). This topic warrants further exploration in the domain of artificial intelligence in the 
finance industry.   
 
This literature review offers a comprehensive understanding of the intricate and varied methods by which artificial 
intelligence (AI) is being integrated into financial services. It highlights the domains in which AI shows 
significant potential and the particular challenges that require careful attention. The primary objective is to 
improve existing models like UTAUT2 by incorporating domain-specific components, such as trust, 
explainability, data security, algorithmic responsibility, and user empowerment. This tailored approach will offer 
a more targeted and comprehensive understanding of the factors and challenges associated with the 
implementation of AI in the financial industry.   
 
2.6 The Integration of AI in Library Financial Management: 
The integration of artificial intelligence (AI) in library financial management is an emerging area of interest, 
focusing on how libraries can leverage AI technologies to enhance their budgeting, resource allocation, and 
overall financial efficiency. Traditional library financial management often involves manual processes for 
budgeting, procurement, and inventory control, which can be time-consuming and prone to errors. AI offers a 
transformative potential by automating these processes and providing data-driven insights that can lead to more 
informed financial decision-making.  
2.6.1 AI in Budgeting and Forecasting: 
Several studies have explored the application of AI in budgeting and forecasting for libraries. AI algorithms can 
analyze historical financial data to predict future expenses, identify trends in resource usage, and suggest optimal 
budget allocations. For instance, research has shown that AI-based predictive models can help libraries anticipate 
demand for new materials and adjust their purchasing strategies accordingly, ensuring that funds are allocated to 
the most impactful resources. This predictive capability not only streamlines the budgeting process but also 
enhances financial planning accuracy. 
2.6.2 Resource Allocation Optimization: 
AI’s ability to analyze large datasets and user behavior enables libraries to optimize resource allocation. Studies 
have demonstrated how AI can assist in understanding user preferences and identifying high-demand resources, 
allowing libraries to allocate funds more effectively. By using AI to analyze patterns in resource usage, libraries 
can prioritize investments in materials and services that align with user needs, thereby maximizing the impact of 
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their financial resources. This targeted approach to resource allocation helps libraries to operate more efficiently 
and improve user satisfaction. 
2.6.3 Cost Reduction and Operational Efficiency: 
Research has also focused on how AI can reduce operational costs and improve efficiency in library management. 
By automating routine tasks such as inventory management, invoice processing, and procurement, AI can 
significantly reduce the manual workload for library staff. This automation not only cuts down on labor costs but 
also minimizes the risk of human error, leading to more accurate financial record-keeping. Studies have shown 
that libraries adopting AI for these functions can achieve cost savings, which can then be reinvested into 
enhancing user services and expanding collections. 
 
2.6.4 Challenges in AI Adoption: 
While the benefits of AI in library financial management are clear, several studies highlight challenges that 
libraries face in adopting these technologies. Issues such as data privacy, the need for explainable AI (XAI) to 
build trust among stakeholders, and the ethical implications of automated decision-making are prominent 
concerns. Researchers argue that libraries need to develop governance frameworks and establish algorithmic 
accountability to ensure the responsible use of AI. Additionally, there is a need for training library staff to 
effectively use AI tools, emphasizing the importance of user empowerment in the adoption process. 
Overall, the literature indicates that AI has the potential to significantly enhance financial management in libraries 
by improving budgeting accuracy, optimizing resource allocation, and reducing operational costs. However, 
successful adoption requires addressing challenges related to trust, transparency, and ethical considerations. This 
study aims to build on these findings by applying an extended UTAUT2 framework to better understand and 
facilitate the integration of AI into library financial management. 

3. 3.RESEARCH METHODOLOGY: 
This study employs a qualitative methodology and systematically evaluates existing literature to develop an 
enhanced UTAUT2 framework tailored for the implementation of artificial intelligence in financial services. This 
process ensures a comprehensive and lucid examination of existing research, facilitating the identification of 
significant findings and the development of a comprehensive theoretical framework. 

This study employs a qualitative methodology and systematically evaluates existing literature to develop an 
enhanced UTAUT2 framework tailored for the implementation of artificial intelligence in financial services 
within library management. This process ensures a comprehensive and lucid examination of existing research, 
facilitating the identification of significant findings and the development of a theoretical framework that addresses 
the unique challenges faced by libraries in adopting AI for financial management. By focusing on both financial 
services and library management literature, this study aims to bridge the gap between these fields, offering a 
nuanced understanding of how AI can optimize financial operations in libraries. 

3.1 3.1 Formulating Research Inquiries and Developing a Methodical Approach to Information Retrieval: 
Research Questions: The literature review will be guided by specific research questions that will investigate the 
following topics: the impact of artificial intelligence (AI) on finance in library management, the shortcomings of 
the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) in relation to AI adoption, the influence 
of trust, explainability, data privacy, and algorithmic accountability, and the importance of user empowerment in 
the context of AI adoption.   

3.2 Search Strategy: A thorough search strategy will be created, including the following:  

The target databases will consist of academic databases and business-focused platforms. The search will utilize 
keywords derived from the research questions, including AI adoption, financial services,library management, 
UTAUT2, trust in AI, explainability, data privacy, algorithmic accountability, economic regulation, and user 
empowerment. The review will refine these keywords as it progresses. Accurate searches will be conducted using 
Boolean operators (AND, OR, NOT) and customisation options specific to the database.   

3.3 Criteria for selecting and including/excluding sources: 
Inclusion Criteria: The study will include peer-reviewed journal articles, conference proceedings, foundational 
works on technology adoption, industry reports, and studies that specifically examine trust, explainability, data 
privacy, and algorithmic accountability. Research focused on the finance sector will be given preference.   
 Exclusion Criteria: Sources will be excluded if they do not specifically address AI, financial services, or 
technology adoption, focus on unrelated industries, are significantly outdated (preferably within the past 5-10 
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years, with exceptions for influential works).  
3.4 Data extraction and analysis: 

Data Extraction: A data extraction method was beutilised to record essential information from each source, 
including bibliographic details, study objectives, methodologies, results, and relevant insights related to the 
research questions.   

Methodology: Thematic analysis will be employed to consolidate and elucidate the literature, with a specific 
emphasis on identifying recurring themes, connections between concepts, and points of consensus or divergence. 
This study will primarily examine the implementation of artificial intelligence (AI) in the finance industry aspects 
of library management, with a specific focus on understanding the advantages and limitations of the UTAUT2 
model. Additionally, it will analyse the key factors related to AI that influence its acceptance.   
Developing the Extended Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) Framework: 
The UTAUT2 framework will be developed incrementally, incorporating AI-specific elements and investigating 
the potential incorporation of user empowerment. We will propose correlations between these factors and the 
elements of UTAUT2.   
 
3.5 Assessment of Validity, Reliability, and Limitations: 
The validity of the suggested framework is improved by its systematic approach, which prioritises transparency 
and the integration of diverse sources.   

The application of clearly defined standards for determining which data to include or exclude, systematic methods 
for extracting information, and systematic approaches to analysing the data improve the consistency and ability 
to reproduce the results.   
The framework's theoretical nature necessitates empirical validation in future research. Moreover, the dynamic 
nature of artificial intelligence in the field of finance necessitates ongoing modifications to the model.   
This research technique provides a solid foundation for developing the extended UTAUT2 model tailored to the 
adoption of AI in financial services, particularly in library management. By conducting a systematic literature 
study, this research ensures a comprehensive examination of existing frameworks, like UTAUT2, and their 
applicability in the context of AI adoption. It allows for a nuanced understanding of AI's impact on finance, 
focusing on aspects such as trust, data privacy, explainability, and algorithmic accountability—key factors crucial 
for user acceptance and effective implementation. 

Furthermore, this methodology facilitates a deeper insight into how AI can enhance financial decision-making in 
libraries, improving operational efficiency through automation and data-driven insights. The proposed framework 
not only addresses the theoretical understanding of technology adoption models but also serves as a guide for 
practical implementation. This approach aids financial institutions in integrating AI-powered solutions, 
navigating the unique challenges of implementation, and ultimately optimizing financial operations and user 
services. 

4.Analysis: 

The study incorporates a methodical examination of published works to provide a thorough comprehension of the 
advancement of artificial intelligence (AI) in the field of finance. It explores the complexities of models for 
adopting AI technology and identifies the specific challenges related to effectively implementing AI in the 
financial services industry. This chapter will analyse significant findings, integrate recurring patterns, and 
emphasise areas of limited comprehension. This will establish the basis for developing a comprehensive and 
extended UTAUT2 framework.   

The profound influence of artificial intelligence on the financial services industry AI is often portrayed in literature 
as a potent force capable of fundamentally revolutionising established financial processes across various domains.  
AI has demonstrated superior efficacy compared to traditional rule-based approaches in identifying and thwarting 
fraudulent activities. A number of studies (Anantharaman et al., 2023; Choi & Lee, 2018; Dunsin et al., 2024; 
Hajipour et al., 2023; Sinayobye et al., 2023) have demonstrated the superiority of AI in detecting fraudulent 
behaviour by emphasising its ability to identify subtle patterns indicative of such conduct. AI models employ 
advanced algorithms to analyse vast and intricate datasets that surpass the cognitive capabilities of humans. 
Through this process, they detect abnormalities that might otherwise be missed, thereby significantly enhancing 
security within the financial industry (Anantharaman et al., 2023; Bassi, 2023; Gencer, 2021; Ferreria, 2023; 
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Hacker, 2023; Hajipour et al., 2023; Mallesha, 2019; Nicholls et al., 2021; Stojanovic et al., 2021).   
The study incorporates a methodical examination of published works to provide a thorough comprehension of 
the advancement of artificial intelligence (AI) in the field of finance, specifically focusing on its integration within 
library management. By exploring the complexities of models for adopting AI technology, it identifies the 
challenges that are unique to the financial services industry, including those that affect libraries. This chapter will 
analyze significant findings related to AI adoption, integrate recurring patterns, such as trust and data privacy 
concerns, and emphasize areas of limited comprehension like the need for explainability and algorithmic 
accountability. 
The profound influence of AI on the financial services industry is well-documented, with the technology often 
depicted as a transformative force capable of revolutionizing financial processes, including library financial 
management. AI's superiority over traditional rule-based methods is evident in its ability to identify and thwart 
fraudulent activities with greater accuracy. It employs advanced algorithms to analyze large and complex datasets, 
uncovering subtle patterns of fraudulent behavior that might elude human detection. This capability significantly 
enhances security and operational efficiency within the financial sector and can be extended to improve financial 
decision-making and resource allocation in libraries. 

3.2 4.1 Creditworthiness, analyse market risks and identify potential investment opportunities: 
Financial institutions are increasingly utilising AI models to enhance their capacity in evaluating creditworthiness, 
analysing market risks, and identifying potential investment opportunities (Ahmed et al., 2023; Cao et al., 2021; 
Deshpande, 2020; Hajipour et al., 2023; Li et al., 2021; Truby et al., 2020; Zhan et al., 2024). The ability of 
artificial intelligence to analyse diverse types of data, including unstructured sources like news or social media 
sentiment, leads to more precise predictions and risk assessments (Aziz & Dowling, 2018; Biecek et al., 2021; 
Jain &Vanzara, 2023; Ma & Yu, 2010). This leads to enhanced financial decision-making, which has the potential 
to impact the profitability and mitigation of risk for institutions. For libraries, evaluating creditworthiness can 
translate into assessing the financial viability of funding sources or evaluating potential partnerships. Similarly, 
analyzing market risks and investment opportunities can assist libraries in managing endowments or funds 
allocated for future resource acquisition. 
4.2 AI Revolution: 
Artificial intelligence (AI) plays a pivotal role in the robo-advisor revolution, enabling a broader demographic to 
access personalised financial planning and investment management services that were previously unattainable. 
Research underscores the importance of acknowledging potential biases and fostering inclusivity. Nevertheless, 
the overall trend suggests that the capabilities of artificial intelligence are increasing financial accessibility. This 
is corroborated by prior research conducted by Babina et al. (2024), Konigstorfer and Thalmann (2020), 
Madanguli et al. (2024), and Townson (2020). The AI revolution in financial services, including the rise of robo-
advisors, can inspire similar innovations in library management. Libraries can utilize AI to offer personalized 
financial planning for resource management, enhancing overall operational efficiency and user satisfaction 
4.3Analysing Adoption: The UTAUT2 Model and its Possible Limitations: 

The UTAUT2, a comprehensive theory on technology adoption, has been widely employed to investigate the 
acceptance and utilisation of technology. It has provided valuable understanding into the motivations of users. 
Studies exploring its use in financial and other settings emphasise the significance of factors such as the system's 
effectiveness (performance expectancy), ease of use (effort expectancy), adoption by others (social influence), 
and availability of resources to support its use (facilitating conditions) (Alghatrifi& Khalid, 2019; Huang & Kao, 
2015; Indrawati&Primasari, 2016; Venkatesh et al., 2022). However, the investigation reveals certain aspects 
where the original version of UTAUT2 may not fully address the complexities of AI implementation in the heavily 
regulated financial sector. 

Multiple studies (Ameen et al., 2021; Berman et al., 2024; Diaz-Rodriguez et al., 2023; Morgenthal et al., 2021) 
have highlighted the significance of trust in the finance industry when it comes to utilising AI technology. Trust, 
within this specific context, is a multifaceted concept that encompasses numerous facets. It encompasses the 
reliability and uniformity of the system, the assurance that it operates impartially and without any prejudiced 
algorithms, and the ability to offer transparent justifications for AI decisions, especially when significant financial 
risks are involved.   
Explainable AI (XAI) is a discipline that seeks to improve the understandability of intricate AI judgements for 
human comprehension. The primary objective of this research is to devise methodologies that facilitate human 



  S. Kishore Raaj S, G. Nikkath Fathima,Vipul Prabhakar Rathod, Mr.Pavan Mishra  

Library Progress International| Vol.44 No.3 | Jul-Dec 2024                                                 10119 
 

comprehension and confidence in AI systems, thereby encouraging the ethical and judicious utilisation of AI.   
Data privacy and security are intricately linked to the utilisation of artificial intelligence in the financial sector, 
particularly in the handling of confidential client information. Studies highlight the strong connection between 
effective data protection technologies and how users perceive security. These factors significantly influence trust 
and ultimately affect decisions regarding adoption (Anantharaman et al., 2023; Cao, 2020; Chauncey & McKenna, 
2023; Gupta et al., 2024; Lin, 2020).   
Algorithmic accountability is a widely discussed subject in academic literature, highlighting the importance of 
establishing clear governance frameworks, monitoring techniques, and the ability to audit artificial intelligence 
systems. Multiple studies investigate the ethical issues related to the utilisation of artificial intelligence (AI) and 
demonstrate ongoing efforts to establish guidelines and systems that promote transparency and responsible use 
(Avin et al.,  
2021; Berman et al., 2024; Diaz-Rodriguez et al., 2023; Dignum, 2023).   
 

3.3 4.4 Empowerment Theory: A Possible Augmentation: 
Although the concept of user empowerment has not been extensively examined in the literature on technology 
adoption, it has the potential to be a valuable addition to the overall framework. Studies suggest that when people 
feel empowered by technology and witness an enhancement in their abilities, they are more inclined to embrace 
its use (Aswani et al., 2018; Blok et al., 2020; NaranjoZolotov et al., 2019). While additional research is necessary, 
examining the correlation between user empowerment and the integration of artificial intelligence in the field of 
finance could yield valuable insights.   

4.5 AI in Financial Decision-Making for Library Management: 
AI plays a pivotal role in enhancing financial decision-making within libraries by offering advanced tools for 
optimizing budget allocation, forecasting future financial needs, and evaluating the return on investment (ROI) 
for technological infrastructure. By analyzing usage data and user behavior, AI enables libraries to make data-
driven decisions, ensuring funds are directed toward high-demand resources and services. Additionally, AI can 
streamline financial operations by automating tasks such as invoice processing and expenditure tracking, reducing 
administrative burdens and minimizing errors. However, the implementation of AI in this context requires careful 
consideration of transparency, ethical use, and building trust in AI-generated recommendations. 

3.4 4.6 Synthesis and framework development: 
This investigation emphasizes the necessity of surpassing the traditional UTAUT2 model to effectively address 
the particular challenges related to understanding the complexities of AI adoption in the regulated financial 
services sector, especially within the context of library management. The proposed extended UTAUT2 framework 
would incorporate essential AI-related attributes, namely trust, explainability, data privacy, algorithmic 
responsibility, and user empowerment. By adapting these elements to the specific needs of libraries, this model 
aims to provide a nuanced understanding of how AI can be strategically implemented to enhance financial 
operations in library settings. This enhanced model seeks to examine the correlation between the fundamental 
UTAUT2 attributes more effectively, ultimately offering more pragmatic insights for financial institutions and 
libraries involved in AI implementation strategies. 

4. 5.CONCLUSION: 
The objective of this study was to comprehensively examine the intersection of artificial intelligence, patterns of 
technological adoption, and the specific barriers and benefits that impact the implementation of AI in the financial 
services industry, with a focus on library management. An advanced UTAUT2 framework was developed to 
understand the specific factors that promote or impede the adoption of AI in this context, taking into account the 
unique financial management challenges faced by libraries. This framework was created based on an extensive 
review of the literature, incorporating insights from both financial services and library management domains. This 
final chapter will present a brief summary of significant findings, highlight the accomplishments of the research, 
acknowledge its limitations, and suggest potential avenues for future investigation. 

5.1 Analysis of important findings and creation of a structured framework: 

The literature study emphasizes the transformative capacity of AI in revolutionizing various aspects of financial 
services, including the financial management of libraries. Advancements in fraud detection, risk assessment, 
personalised financial services can provide significant benefits to financial institutions and their clients (Babina 
et al., 2024; Ferreira et al., 2021; Konigstorfer & Thalmann, 2020; Mariani et al., 2023). However, the successful 
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integration of these technologies relies on effectively addressing a specific range of issues pertaining to adoption.   

5.1.1 The Constraints of UTAUT2:  

While the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) provides valuable insights into 
technology adoption, it is not entirely applicable when specifically applied to artificial intelligence in the financial 
services sector. The complex nuances of AI technologies, coupled with the heavily regulated nature of the 
financial sector, necessitate the inclusion of supplementary elements to enhance the depth and predictive 
understanding of adoption.   
The extensive literature review identified crucial components necessary for the implementation of artificial 
intelligence in the field of finance. Trust emerged as the foundational cornerstone, encompassing considerations 
pertaining to reliability, fairness, and comprehensibility. The necessity for Explainable AI (XAI) has been 
recognised, particularly in situations where complex AI models are employed for crucial financial decisions. The 
importance of data privacy and security was underscored, highlighting the necessity for strict adherence to 
legislation and the establishment of user trust. Emphasising the importance of holding algorithms responsible, it 
is necessary to establish clear governance structures and ensure appropriateness to promote responsible and ethical 
utilisation of AI.   
The Extended UTAUT2 Framework was developed to address the identified limitations. It includes significant 
elements related to AI, such as trust, explainability, data privacy, and algorithmic responsibility, in addition to the 
fundamental UTAUT2 structures. Furthermore, the study examined the potential importance of user 
empowerment theory as a determinant that could influence the probability of adopting artificial intelligence in the 
context of library financial management, offering insights that are applicable beyond the traditional banking 
sector. 
5.2 Contributions to Research: 

 This study provides contributions in both theoretical and practical aspects:  
5.2.1Theoretical Advancement: 

This study enhances the well-established technology adoption model (UTAUT2) by incorporating domain-
specific factors to better explain the adoption of artificial intelligence in financial services, particularly within 
library management. By doing so, it improves our understanding of how users and institutions evaluate and decide 
to implement complex, and sometimes difficult-to-understand, AI technology in a highly regulated and risk-
conscious environment. 
5.2.2Practical Implications: 

The proposed comprehensive framework could serve as a valuable asset for financial institutions, including 
libraries, as they investigate strategies for leveraging artificial intelligence. Libraries and other institutions can 
prioritize projects that enhance trust, address concerns regarding explainability and bias, establish strong data 
protection measures, and ensure a responsible approach to algorithmic decision-making by identifying the crucial 
factors that influence AI adoption. 
5.2.3 Constraints and Prospects for Future Research: 

5.2.3.1 Theoretical Nature: 
The suggested expanded UTAUT2 framework is founded on theoretical principles, and it is crucial to 
acknowledge this foundation. To evaluate the predictive abilities and efficacy of the framework in real-world 
situations, performing empirical validation through surveys, case studies, or similar techniques is essential. This 
validation will help determine how well the framework can guide AI adoption in financial services, particularly 
within librarymanagement. 
5.2.3.2 The Dynamic Environment: 
The fields of artificial intelligence and finance, including library financial management, are perpetually dynamic 
and progressing. Future studies should closely monitor the latest developments and refine the framework to ensure 
its relevance and adaptability in response to evolving technologies and regulatory changes. 
Exploring the concept of user empowerment within the context of AI adoption in library financial management 
could yield additional insights and further enhance the predictive capabilities of the framework. Measuring the 
influence of AI-specific attributes on adoption outcomes would provide valuable guidance to libraries and other 
financial institutions. 
This study contributes to the growing body of knowledge on the secure and effective utilization of artificial 
intelligence in the financial services sector, specifically within the domain of library management. The extended 
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UTAUT2 framework integrates insights from technology adoption theories, the literature on trust in artificial 
intelligence, and an understanding of the distinct regulatory environment, both in traditional finance and in 
libraries. 
 
The objective of this study is to deepen our understanding of the complex factors that impact the adoption of 
artificial intelligence (AI) in this specific context. By doing so, libraries and financial institutions can gain valuable 
insights to inform their strategic decision-making processes, promote responsible innovation, and build trust with 
users and regulators when integrating these revolutionary technologies. 
  
REFERENCE: 
Afroogh, S., Akbari, A., Malone, E. R., Kargar, M., &Alambeigi, H. (2024a). Trust in AI: progress, challenges, 

and future directions. arXiv (Cornell University). https://doi.org/10.48550/arxiv.2403.14680  

Ahi, A., Sinkovics, N., Shildibekov, Y., Sinkovics, R. R., &Mehandjiev, N. (2022). Advanced technologies and 
international business: A multidisciplinary analysis of the literature. International Business Review, 
31(4), 101967. https://doi.org/10.1016/j.ibusrev.2021.101967  

Ahmed, I. E., Mehdi, R., & Mohamed, E. A. (2023). The role of artificial intelligence in developing a banking 
risk index: an application of Adaptive Neural Network-Based Fuzzy Inference System (ANFIS). 
Artificial Intelligence Review, 56(11), 13873–13895. https://doi.org/10.1007/s10462-023-10473-9  

Al-Hashedi, K. G., & Magalingam, P. (2021). Financial fraud detection applying data mining techniques: A 
comprehensive review from 2009 to 2019. Computer Science Review, 40, 100402. 
https://doi.org/10.1016/j.cosrev.2021.100402  

Ameen, N., Tarhini, A., Reppel, A., &Anand, A. (2021). Customer experiences in the age of artificial intelligence. 
Computers in Human Behavior, 114, 106548. https://doi.org/10.1016/j.chb.2020.106548  

Adewuyi, R., Aweda, J., Ogunwoye, F., Omoniyi, P., & Jen, T.-C. (2023). Prediction of Impact Strength of TIG 
Welded Cr-Mo Steel Using Artificial Neural Networks. Metallurgical and Materials 
Engineering, 30(1), 61–69. https://doi.org/10.56801/MME1031 

Anantharaman, D., Rozario, A. M., & Zhang, C. (2023). Artificial intelligence and financial reporting quality. 
Social Science Research Network. https://doi.org/10.2139/ssrn.4625279  

Arrieta, A. B., Díaz-Rodríguez, N., Del Ser, J., Bennetot, A., Tabik, S., Barbado, A., García, S., Gil‐Lopez, S., 
Molina, D., Benjamins, R., Chatila, R., & Herrera, F. (2020a). Explainable Artificial Intelligence (XAI): 
Concepts, taxonomies, opportunities and challenges toward responsible AI. Information Fusion, 58, 82–
115. https://doi.org/10.1016/j.inffus.2019.12.012  

Arrieta, A. B., Díaz-Rodríguez, N., Del Ser, J., Bennetot, A., Tabik, S., Barbado, A., García, S., Gil‐Lopez, S., 
Molina, D., Benjamins, R., Chatila, R., & Herrera, F. (2020b). Explainable Artificial Intelligence (XAI): 
Concepts, taxonomies, opportunities and challenges toward responsible AI. Information Fusion, 58, 82–
115. https://doi.org/10.1016/j.inffus.2019.12.012  

Ashta, A., & Herrmann, H. (2021). Artificial intelligence and fintech: An overview of opportunities and risks for 
banking, investments, and microfinance. Strategic Change, 30(3), 211–222. 
https://doi.org/10.1002/jsc.2404  

Aswani, R., Ilavarasan, P. V., Kar, A. K., &Vijayan, S. (2018). Adoption of public WiFi using UTAUT2: An 
exploration in an emerging economy. Procedia Computer Science, 132, 297–306. 
https://doi.org/10.1016/j.procs.2018.05.180  

Atwal, G., & Bryson, D. (2021). Antecedents of intention to adopt artificial intelligence services by consumers in 
personal financial investing. Strategic Change, 30(3), 293–298. https://doi.org/10.1002/jsc.2412  

Avin, S., Belfield, H., Brundage, M., Krueger, G., Wang, J., Weller, A., Anderljung, M., Krawczuk, I., Krueger, 
D. W., Lebensold, J., Maharaj, T., &Zilberman, N. (2021). Filling gaps in trustworthy development of 
AI. Science, 374(6573), 1327–1329. https://doi.org/10.1126/science.abi7176  



  S. Kishore Raaj S, G. Nikkath Fathima,Vipul Prabhakar Rathod, Mr.Pavan Mishra  

Library Progress International| Vol.44 No.3 | Jul-Dec 2024                                                 10122 
 

Awosika, T., Shukla, R. M., &Pranggono, B. (2023a). Transparency and Privacy: The role of explainable AI and 
federated learning in financial fraud Detection. arXiv (Cornell University). 
https://doi.org/10.48550/arxiv.2312.13334  

Awosika, T., Shukla, R. M., &Pranggono, B. (2023b, December 20). Transparency and Privacy: The role of 
explainable AI and federated learning in financial fraud Detection. arXiv.org. 
http://arxiv.org/abs/2312.13334  

Aziz, S., & Dowling, M. (2018). Machine learning and AI for risk management. In Palgrave studies in digital 
business & enabling technologies (pp. 33–50). https://doi.org/10.1007/978-3-030-02330-0_3  

Babina, T., Fedyk, A., He, A., &Hodson, J. (2024). Artificial intelligence, firm growth, and product innovation. 
Journal of Financial Economics, 151, 103745. https://doi.org/10.1016/j.jfineco.2023.103745  

Bae, H., Jang, J., Jung, D., Jang, H., Ha, H., Lee, H., & Yoon, S. (2018). Security and privacy issues in deep 
learning. arXiv (Cornell University). https://doi.org/10.48550/arxiv.1807.11655  

Belanche, D., Casaló, L. V., &Flavián, C. (2019a). Artificial Intelligence in FinTech: understanding robo-advisors 
adoption among customers. Industrial Management + Data Systems/Industrial Management & Data 
Systems, 119(7), 1411–1430. https://doi.org/10.1108/imds-08-2018-0368  

Belanche, D., Casaló, L. V., &Flavián, C. (2019b). Artificial Intelligence in FinTech: understanding robo-
advisors adoption among customers. Industrial Management + Data Systems/Industrial Management & 
Data Systems, 119(7), 1411–1430. https://doi.org/10.1108/imds-08-2018-0368  

Berman, A., De Fine Licht, K., &Carlsson, V. (2024). Trustworthy AI in the public sector: An empirical analysis 
of a Swedish labor market decision-support system. Technology in Society, 102471. 
https://doi.org/10.1016/j.techsoc.2024.102471  

Biecek, P., Chlebuś, M., Gajda, J., Gosiewska, A., Kozak, A., Ogonowski, D., Sztachelski, J., &Wojewnik, P. 
(2021). Enabling Machine Learning Algorithms for Credit Scoring -- Explainable Artificial Intelligence 
(XAI) methods for clear understanding complex predictive models. arXiv (Cornell University). 
https://doi.org/10.48550/arxiv.2104.06735  

Blok, M., Van Ingen, E., De Boer, A. H., & Slootman, M. (2020). The use of information and communication 
technologies by older people with cognitive impairments: from barriers to benefits. Computers in 
Human Behavior, 104, 106173. https://doi.org/10.1016/j.chb.2019.106173  

Boreiko, D., & Massarotti, F. (2020). How risk profiles of investors affect Robo-Advised portfolios. Frontiers in 
Artificial Intelligence, 3. https://doi.org/10.3389/frai.2020.00060  

Breidbach, C. F. (2024). Responsible algorithmic decision-making. Organisational Dynamics, 101031. 
https://doi.org/10.1016/j.orgdyn.2024.101031  

Brenner, L., &Meyll, T. (2020). Robo-advisors: A substitute for human financial advice? Journal of Behavioural 
and Experimental Finance, 25, 100275. https://doi.org/10.1016/j.jbef.2020.100275  

Cabrera-Sánchez, J., Ramos, Á. F. V., Liébana‐Cabanillas, F., & Shaikh, A. A. (2021). Identifying relevant 
segments of AI applications adopters – Expanding the UTAUT2's variables. Telematics and Informatics, 
58, 101529. https://doi.org/10.1016/j.tele.2020.101529  

Cao, L. (2020). AI in Finance: A Review. Social Science Research Network. https://doi.org/10.2139/ssrn.3647625  

Cao, L., Yang, Q., & Yu, P. S. (2021). Data science and AI in FinTech: an overview. International Journal of 
Data Science and Analytics, 12(2), 81–99. https://doi.org/10.1007/s41060-021-00278-w  

Carolus, A., Koch, M. J., Straka, S., Latoschik, M. E., & Wienrich, C. (2023). MAILS - Meta AI literacy scale: 
Development and testing of an AI literacy questionnaire based on well-founded competency models and 
psychological change- and meta-competencies. Computers in Human Behavior. Artificial Humans, 1(2), 
100014. https://doi.org/10.1016/j.chbah.2023.100014  

Chauncey, S. A., & McKenna, H. P. (2023). A framework and exemplars for ethical and responsible use of AI 



  S. Kishore Raaj S, G. Nikkath Fathima,Vipul Prabhakar Rathod, Mr.Pavan Mishra  

Library Progress International| Vol.44 No.3 | Jul-Dec 2024                                                 10123 
 

Chatbot technology to support teaching and learning. Computers and Education. Artificial Intelligence, 
5, 100182. https://doi.org/10.1016/j.caeai.2023.100182  

Chen, L., Jia, J., & Wu, C. (2023). Factors influencing the behavioral intention to use contactless financial services 
in the banking industry: An application and extension of UTAUT model. Frontiers in Psychology, 14. 
https://doi.org/10.3389/fpsyg.2023.1096709  

Choi, D., & Lee, K. (2018). An Artificial Intelligence Approach to Financial Fraud Detection under IoT 
Environment: A Survey and Implementation. Security and Communication Networks, 2018, 1–15. 
https://doi.org/10.1155/2018/5483472  

Coetzee, J. (2018). Strategic implications of Fintech on South African retail banks. Suid-
AfrikaanseTydskrifVirEkonomieseEnBestuurswetenskappe/South African Journal of Economic and 
Management Sciences, 21(1). https://doi.org/10.4102/sajems.v21i1.2455  

Díaz-Rodríguez, N., Del Ser, J., Coeckelbergh, M., De Prado, M. L., Herrera‐Viedma, E., & Herrera, F. (2023). 
Connecting the dots in trustworthy Artificial Intelligence: From AI principles, ethics, and key 
requirements to responsible AI systems and regulation. Information Fusion, 99, 101896. 
https://doi.org/10.1016/j.inffus.2023.101896  

Dignum, V. (2023). Responsible Artificial intelligence: recommendations and lessons learned. In Social and 
cultural studies of robots and AI (pp. 195–214). https://doi.org/10.1007/978-3-031-08215-3_9  

Dunsin, D., Ghanem, M. C., Ouazzane, K., &Vassilev, V. (2024). A comprehensive analysis of the role of artificial 
intelligence and machine learning in modern digital forensics and incident response. Forensic Science 
International. Digital Investigation, 48, 301675. https://doi.org/10.1016/j.fsidi.2023.301675  

Ebbage, A. (2018). Banking on artificial intelligence. Engineering & Technology, 13(10), 66–69. 
https://doi.org/10.1049/et.2018.1008  

Elliott, K., Price, R. M., Shaw, P., Spiliotopoulos, T., Ng, M., Coopamootoo, K., & Van Moorsel, A. (2021). 
Towards an equitable digital society: artificial intelligence (AI) and Corporate Digital Responsibility 
(CDR). Society, 58(3), 179–188. https://doi.org/10.1007/s12115-021-00594-8  

Fang, B., & Yuan, F. (2019). Design of High-Frequency Trading Algorithm based on Machine Learning. arXiv 
(Cornell University). https://doi.org/10.48550/arxiv.1912.10343  

Fatouros, G., Metaxas, K., Soldatos, J., &Kyriazis, D. (2024). Can large language models beat Wall Street? 
Unveiling the potential of AI in stock selection. Social Science Research Network. 
https://doi.org/10.2139/ssrn.4693849  

Ferreira, F. G. D. C., Gandomi, A. H., & Cardoso, R. T. N. (2021). Artificial Intelligence Applied to Stock Market 
Trading: A review. IEEE Access, 9, 30898–30917. https://doi.org/10.1109/access.2021.3058133  

Ferreira, P. (2023, September 7). Fintech and AI in fraud detection. Financial and Business News | finance 
Magnates. https://www.financemagnates.com/fintech/fintech-and-aiin-fraud-detection/  

Floridi, L., Cowls, J., King, T. C., & Taddeo, M. (2020). How to design AI for social Good: Seven essential 
factors. Science and Engineering Ethics, 26(3), 1771–1796. https://doi.org/10.1007/s11948-020-00213-
5  

Fritz-Morgenthal, S., Hein, B., & Papenbrock, J. (2021). Financial Risk Management and Explainable 
Trustworthy Responsible AI. Social Science Research Network. https://doi.org/10.2139/ssrn.3873768  

Gaczek, P., Leszczyński, G., &Mouakher, A. (2023). Collaboration with machines in B2B marketing: 
Overcoming managers' aversion to AI-CRM with explainability. Industrial Marketing Management, 
115, 127–142. https://doi.org/10.1016/j.indmarman.2023.09.007  

Gansser, O., & Reich, C. (2021). A new acceptance model for artificial intelligence with extensions to UTAUT2: 
An empirical study in three segments of application. Technology in Society, 65, 101535. 
https://doi.org/10.1016/j.techsoc.2021.101535  



  S. Kishore Raaj S, G. Nikkath Fathima,Vipul Prabhakar Rathod, Mr.Pavan Mishra  

Library Progress International| Vol.44 No.3 | Jul-Dec 2024                                                 10124 
 

Gharaibeh, M. K., Arshad, M., &Gharaibeh, N. K. (2018). Using the UTAUT2 model to determine factors 
affecting adoption of mobile banking services: A Qualitative approach. International Journal of 
Interactive Mobile Technologies, 12(4), 123. https://doi.org/10.3991/ijim.v12i4.8525  

Gilpin, L. H., Bau, D., Yuan, B. Z., Bajwa, A., Specter, M., &Kagal, L. (2018). Explaining Explanations: An 
Overview of Interpretability of Machine Learning. arXiv (Cornell University). 
https://doi.org/10.48550/arxiv.1806.00069  

Giudici, P. (2018). Fintech Risk Management: A research challenge for artificial intelligence in finance. Frontiers 
in Artificial Intelligence, 1. https://doi.org/10.3389/frai.2018.00001  

Gupta, P., Ding, B., Guan, C., & Ding, D. (2024). Generative AI: A systematic review using topic modelling 
techniques. Data and Information Management, 100066. https://doi.org/10.1016/j.dim.2024.100066  

Gupta, S. (2022). The interaction between technology, business environment, society, and regulation in ICT 
industries. IIMB Management Review/IIMB Management Review, 34(2), 103–115. 
https://doi.org/10.1016/j.iimb.2022.07.001  

Hacker, P. (2023). The European AI liability directives – Critique of a half-hearted approach and lessons for the 
future. Computer Law and Security Report/Computer Law &Security Report, 51, 105871. 
https://doi.org/10.1016/j.clsr.2023.105871  

Hajipour, V., Hekmat, S., &Amini, M. (2023). A value-oriented Artificial Intelligence-as-a-Service business plan 
using integrated tools and services. Decision Analytics Journal, 8, 100302. 
https://doi.org/10.1016/j.dajour.2023.100302  

Han, J., Huang, Y., Liu, S., &Towey, K. (2020). Artificial intelligence for anti-money laundering: a review and 
extension. Digital Finance/Digital Finance, 2(3–4), 211–239. https://doi.org/10.1007/s42521-020-
00023-1  

Haque, A. K. M. B., Islam, A. K. M. N., &Mikalef, P. (2023). Explainable Artificial Intelligence (XAI) from a 
user perspective: A synthesis of prior literature and problematising avenues for future research. 
Technological Forecasting & Social Change/Technological Forecasting and Social Change, 186, 
122120. https://doi.org/10.1016/j.techfore.2022.122120  

Hai, N. T. & Duong, N. T. (2024). An Improved Environmental Management Model for Assuring Energy and 
Economic Prosperity. Acta Innovations, 52, 9–18. https://doi.org/10.62441/ActaInnovations.52.2  

Hernández, E., Öztürk, M., Sittón, I., &RodrıGuez, S. (2019). Data protection on ́ fintech platforms. In 
Communications in computer and information science (pp. 223–233). https://doi.org/10.1007/978-3-
030-24299-2_19  

How is artificial intelligence used in fraud detection? (2023, April 24). Cointelegraph. 
https://cointelegraph.com/explained/how-is-artificial-intelligence-used-in-fraud-detection  

Huang, B., Huan, Y., Da Xu, L., Zheng, L., & Zou, Z. (2018). Automated trading systems statistical and machine 
learning methods and hardware implementation: a survey. Enterprise Information Systems, 13(1), 132–
144. https://doi.org/10.1080/17517575.2018.1493145  

Huang, J. Y., Gupta, A., &Youn, M. (2021). Survey of EU ethical guidelines for commercial AI: case studies in 
financial services. AI And Ethics, 1(4), 569–577. https://doi.org/10.1007/s43681-021-00048-1  

Königstorfer, F., &Thalmann, S. (2020a). Applications of Artificial Intelligence in commercial banks – A research 
agenda for behavioral finance. Journal of Behavioural and Experimental Finance, 27, 100352. 
https://doi.org/10.1016/j.jbef.2020.100352  

Königstorfer, F., &Thalmann, S. (2020b). Applications of Artificial Intelligence in commercial banks – A research 
agenda for behavioral finance. Journal of Behavioural and Experimental Finance, 27, 100352. 
https://doi.org/10.1016/j.jbef.2020.100352  

Lee, J. (2020). Access to finance for artificial intelligence regulation in the financial services industry. European 



  S. Kishore Raaj S, G. Nikkath Fathima,Vipul Prabhakar Rathod, Mr.Pavan Mishra  

Library Progress International| Vol.44 No.3 | Jul-Dec 2024                                                 10125 
 

Business Organization Law Review, 21(4), 731–757. https://doi.org/10.1007/s40804-020-00200-0  

Lepri, B., Oliver, N., &Pentland, A. (2021). Ethical machines: The human-centric use of artificial intelligence. 
iScience, 24(3), 102249. https://doi.org/10.1016/j.isci.2021.102249  

Li, Y., Yi, J., Chen, H., & Peng, D. (2021). Theory and application of artificial intelligence in financial industry. 
Data Science in Finance and Economics, 1(2), 96–116. https://doi.org/10.3934/dsfe.2021006  

Madanaguli, A., Sjödin, D., Parida, V., &Mikalef, P. (2024). Artificial intelligence capabilities for circular 
business models: Research synthesis and future agenda. Technological Forecasting & Social 
Change/Technological Forecasting and Social Change, 200, 123189. 
https://doi.org/10.1016/j.techfore.2023.123189  

Mallesha, C. (2017). Impact of Artificial Intelligence on Banking Sector in India. International Journal for 
Research in Applied Science and Engineering Technology, 7(10), 504–509. 
https://doi.org/10.22214/ijraset.2019.10077  

Maltare, N. N., Sharma, D. & Patel, S. (2023). An Exploration and Prediction of Rainfall and Groundwater Level 
for the District of Banaskantha, Gujrat, India. International Journal of Environmental Sciences, 9(1), 1-
17. https://www.theaspd.com/resources/v9-1-1-Nilesh%20N.%20Maltare.pdf  

Maple, C., Szpruch, Ł., Epiphaniou, G., Staykova, K. S., Singh, S. B., Penwarden, W., Wen, Y., Wang, Z., 
Hariharan, J., &Avramović, P. (2023). The AI Revolution: Opportunities and Challenges for the Finance 
sector. arXiv (Cornell University). https://doi.org/10.48550/arxiv.2308.16538  

Mariani, M. M., Machado, I., &Nambisan, S. (2023). Types of innovation and artificial intelligence: A systematic 
quantitative literature review and research agenda. Journal of Business Research, 155, 113364. 
https://doi.org/10.1016/j.jbusres.2022.113364  

Mehrotra, A. (2019). Artificial Intelligence in Financial Services – Need to Blend Automation with Human Touch. 
2019 International Conference on Automation, Computational and Technology Management (ICACTM). 
https://doi.org/10.1109/icactm.2019.8776741  

Meske, C., Bunde, E., Schneider, J., & Gersch, M. (2020). Explainable Artificial intelligence: objectives, 
stakeholders, and future research opportunities. Information Systems Management, 39(1), 53–63. 
https://doi.org/10.1080/10580530.2020.1849465  

Murugesan, U., Subramanian, P., Srivastava, S., &Dwivedi, A. (2023). A study of Artificial Intelligence impacts 
on Human Resource Digitalization in Industry 4.0. Decision Analytics Journal, 7, 100249. 
https://doi.org/10.1016/j.dajour.2023.100249  

Naranjo-Zolotov, M., Oliveira, T., &Casteleyn, S. (2019). Citizens' intention to use and recommend e-
participation. Information Technology & People, 32(2), 364–386. https://doi.org/10.1108/itp-08-2017-
0257  

Nazareth, N., & Reddy, Y. Y. R. (2023). Financial applications of machine learning: A literature review. Expert 
Systems with Applications, 219, 119640. https://doi.org/10.1016/j.eswa.2023.119640  

Papagiannidis, E., Mikalef, P., Conboy, K., & Van De Wetering, R. (2023). Uncovering the dark side of AI-
based decision-making: A case study in a B2B context.                        Industrial Marketing Management 
,115, 253-265, https://doi.org/10.1016/j.indmarman.2023.10.003. 

Pillai, R., &Sivathanu, B. (2020). Adoption of artificial intelligence (AI) for talent acquisition in 
IT/ITeSorganisations. Benchmarking, 27(9), 2599–2629. https://doi.org/10.1108/bij-04-2020-0186  

Radclyffe, C., Ribeiro, M., &Wortham, R. H. (2023). The assessment list for trustworthy artificial intelligence: A 
review and recommendations. Frontiers in Artificial Intelligence, 6. 
https://doi.org/10.3389/frai.2023.1020592  

Rolla K.J. (2023). Trends and Futuristic Applications of Big Data and Electronic Health Record Data in 
Empowering Constructive Clinical Decision Support Systems. Bio-Science Research Bulletin, 39(2), 78-



  S. Kishore Raaj S, G. Nikkath Fathima,Vipul Prabhakar Rathod, Mr.Pavan Mishra  

Library Progress International| Vol.44 No.3 | Jul-Dec 2024                                                 10126 
 

91. 

Salampasis, D., Mention, A., & Kaiser, A. (2017). Wealth Management in times of Robo: towards Hybrid 
Human-Machine Interactions. Social Science Research Network. https://doi.org/10.2139/ssrn.3111996  

Scarpi, D., &Pantano, E. (2024). "With great power comes great responsibility": Exploring the role of Corporate 
Digital Responsibility (CDR) for Artificial Intelligence Responsibility in Retail Service Automation 
(AIRRSA). Organisational Dynamics, 101030. https://doi.org/10.1016/j.orgdyn.2024.101030  

Sharma, M., & Sharma, S. K. (2019). Theoretical Framework for Digital Payments in Rural India: Integrating 
UTAUT and Empowerment Theory. IFIP Advances in Information and Communication Technology, 
212–223. https://doi.org/10.1007/978-3-030-20671-0_15  

Shiva, A., Kushwaha, B. P., & Rishi, B. (2023). A model validation of robo-advisers for stock investment. Borsa 
Istanbul Review, 23(6), 1458–1473. https://doi.org/10.1016/j.bir.2023.09.005  

Siswanto, T., Shofiati, R., &Hartini, H. (2018). Acceptance and Utilisation of Technology (UTAUT) as a Method 
of Technology Acceptance Model of Mitigation Disaster Website. IOP Conference Series. Earth and 
Environmental Science, 106, 012011. https://doi.org/10.1088/1755-1315/106/1/012011  

Sowmya, G. S.-., &Sathisha, H. K. (2023). Detecting Financial fraud in the digital Age: the AI and ML 
Revolution. International Journal for Multidisciplinary Research, 5(5). 
https://doi.org/10.36948/ijfmr.2023.v05i05.6139  

Stojanović, B., Božić, J., Hofer-Schmitz, K., Nahrgang, K., Weber, A., Badii, A., Sundaram, M., Jordan, E., 
&Runevic, J. (2021). Follow the trail: Machine Learning for fraud detection in fintech applications. 
Sensors, 21(5), 1594. https://doi.org/10.3390/s21051594  

Taherdoost, H. (2018). A review of technology acceptance and adoption models and theories. Procedia 
Manufacturing, 22, 960–967. https://doi.org/10.1016/j.promfg.2018.03.137  

Takyar, A., &Takyar, A. (2023, February 14). AI in banking and finance industry. LeewayHertz - Software 
Development Company. https://www.leewayhertz.com/ai-use-casesin-banking-and-finance  

Townson, S. (2020, November 6). AI can make bank loans more fair. Harvard Business Review. 
https://hbr.org/2020/11/ai-can-make-bank-loans-more-fair  

Truby, J., Brown, R. D., &Dahdal, A. (2020a). Banking on AI: mandating a proactive approach to AI regulation 
in the financial sector. Law And Financial Markets Review, 14(2), 110–120. 
https://doi.org/10.1080/17521440.2020.1760454  

Truby, J., Brown, R. D., &Dahdal, A. (2020b). Banking on AI: mandating a proactive approach to AI regulation 
in the financial sector. Law And Financial Markets Review, 14(2), 110–120. 
https://doi.org/10.1080/17521440.2020.1760454  

User Acceptance of Information Technology: Toward a unified View on JSTOR. (n.d.). www.jstor.org. 
https://www.jstor.org/stable/30036540  

Venkatesh, V. (2021a). Adoption and use of AI tools: a research agenda grounded in UTAUT. Annals of 
Operation Research/Annals of Operations Research, 308(1–2), 641–652. 
https://doi.org/10.1007/s10479-020-03918-9  

Venkatesh, V. (2021b). Adoption and use of AI tools: a research agenda grounded in UTAUT. Annals of 
Operation Research/Annals of Operations Research, 308(1–2), 641–652. 
https://doi.org/10.1007/s10479-020-03918-9  

Venkatesh, V., Morris, M., Davis, G. B., & Davis, F. D. (2003). User acceptance of information Technology: 
toward a unified view. Management Information Systems Quarterly, 27(3), 425. 
https://doi.org/10.2307/30036540  

Virgilio, G. P. M. (2019). High-frequency trading: a literature review. Financial Markets and Portfolio 
Management, 33(2), 183–208. https://doi.org/10.1007/s11408-01900331-6  



  S. Kishore Raaj S, G. Nikkath Fathima,Vipul Prabhakar Rathod, Mr.Pavan Mishra  

Library Progress International| Vol.44 No.3 | Jul-Dec 2024                                                 10127 
 

West, J., & Bhattacharya, M. (2016). Intelligent financial fraud detection: A comprehensive review. Computers 
& Security, 57, 47–66. https://doi.org/10.1016/j.cose.2015.09.005  

Williams, M. D., Rana, N. P., &Dwivedi, Y. K. (2015). The unified theory of acceptance and use of technology 
(UTAUT): a literature review. Journal of Enterprise Information Management, 28(3), 443–488. 
https://doi.org/10.1108/jeim-09-2014-0088  

Zhou, X., Cheng, S., Zhu, M., Guo, C., Zhou, S., Xu, P., Xue, Z., & Zhang, W. (2018). A state of the art survey 
of data mining-based fraud detection and credit scoring. MATEC Web of Conferences, 189, 03002. 
https://doi.org/10.1051/matecconf/201818903002  

Zhu, H., Pysander, E. S., & Söderberg, I. (2023). Not transparent and incomprehensible: A qualitative user study 
of an AI-empowered financial advisory system. Data and Information Management, 7(3), 100041. 
https://doi.org/10.1016/j.dim.2023.100041  

Zhu, H., Vigren, O., & Söderberg, I. (2024). Implementing artificial intelligence empowered financial advisory 
services: A literature review and critical research agenda. Journal of Business Research, 174, 114494. 
https://doi.org/10.1016/j.jbusres.2023.114494  

 
 
 


