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ABSTRACT
With the latest advancements in artificial intelligence (AI) and the widespread availability of AI-enabled service technologies, there is growing interest in examining whether consumers view these technologies merely as functional tools or develop deeper, relationship-like bonds with them. Using the experimental design, the study aims to explore consumer relationships with the AI-enabled service technologies.
Introduction
Research on AI-enabled service technologies, including chatbots, voice assistants, robots, and interactive kiosks, has grown significantly in the past decade. These technologies are used across various tasks, such as entertainment, assistance, information retrieval, and news updates, and have transformed how people engage with service providers (Frehmann et al., 2022). A unique characteristic of AI-enabled service technologies is their incorporation of human-like (anthropomorphic) elements, such as voices, shapes, and names in their design. These features serve as social cues, eliciting social perceptions and reactions from customers toward these technologies. Further, these anthropomorphic features encourage consumers to favour and develop strong relationships with AI-enabled technologies (Belk, 2016). Schweitzer et al. (2019) emphasized that understanding the relationship between consumer–AI-enabled technologies is crucial for understanding consumers’ acceptance of AI-enabled service technologies. However, the types of relationships consumers form with AI-enabled service technologies remain underexplored. This study tries to fill this gap by answering the following research questions:
1. Do consumers perceive AI-enabled service technologies merely as tools, or do they form human-like relationships with them?
2. If consumers form human-like relationships with AI-enabled service technologies, what specific types of relationships do they establish?
Relationship Building with AI-enabled service technologies
Prior research indicates that consumers view machines as social agents, applying interpersonal relationship norms to human-machine interactions (Kim et al., 2019). Consumers also develop emotional connections with non- human entities, forming attachments to them (Hart et al., 2013; Miles & Ibrahim, 2013). To enhance the sense of social presence and improve consumer-machine interactions, marketers have integrated human-like characteristics into service technologies (Niemela et al., 2017; Bartneck et al., 2009). Yet, the nature of the bond consumers form with these AI-enabled service technologies (AI-enabled service technologies) remains uncertain (Schweitzer et al., 2019).
Notably, prior studies have explored the dynamics of consumer relationships with anthropomorphic brands, specifically servant and partner brands (Han et al., 2020; Aggarwal & McGill, 2012). Gruenfeld et al. (2008) proposed that interactions can reflect different levels of hierarchy, where one entity may serve as an equal partner or assume a subordinate role as a “servant,” where the consumer is a master.
However, studies also reveal that consumers may view AI-enabled technologies as primarily utilitarian tools (Austerjost et al., 2019; Saibaba et al., 2021). This raises the question: do consumers see these technologies solely as functional tools, or do they establish relationships akin to those they form with other non-human entities? The study is a step toward addressing this question by employing social response and self-expansion theories.


Social-Response Theory and Self-Extension Theory
Social response theory explains how social interactions and human-technology interactions are comparable. This theory proposes that when individuals encounter AI-enabled service technologies, they are more likely to respond socially by assigning social attributions to such technologies (Fan,2020; Moon, 2003; Nass & Moon, 2000; Reeves & Nass, 1996).
Further, Self-extension theory suggests that humans knowingly or unknowingly, deliberately or inadvertently extend themselves by including others in their selves so that they can do things that they would otherwise be incapable of doing (Belk, 2013; 1988). Self-extension generally happens when consumers have control over other things with moderately little autonomy. Consequently, consumers may regard AI-enabled service technologies as others or extensions of themselves. Also, these AI-enabled service technologies contribute to the extended self in varying degrees since some are critical for consumers and others are not (Schweitzer et al.,2019). Because of these tendencies, AI-enabled service technologies have an influence on consumers’ attitudes based on attributes that convey- dominance or friendliness (Novak & Hoffman, 2019; Maeng & Aggarwal, 2018; Aggarwal & McGill, 2007; Landwehr et al., 2011). Therefore, if consumers form a relationship with AI-enabled service technologies, it is either collaborative (partner) or dominant (master).

Methodology
The study utilized a sample of young adult students from a technical university who shared relatively similar socio-demographic backgrounds and familiarity with AI-enabled service technologies. This sample enabled a focused examination of participants’ real-world interactions with relevant AI-enabled service technologies, precisely (voice assistant installed on the smartphone). Sixty-eight undergraduate students participated in the study (38 males and 30 females). The participation was voluntary, and no compensation was provided to participants for their involvement in the experiment.
The experiment was divided into three phases: pre-interaction, interaction, and post-interaction. Participants’ background data and smartphone usage behavior were gathered in the pre-interaction phase. Participants were informed that the experiment aimed to assess their attitudes toward AI-enabled service technologies, though the study’s true purpose was not disclosed. The students used either Apple’s Siri (33 students, of which 20 were males) or Google Assistant (35 of which 18 were males). The participants’ current smartphones had an average age of 1–2 years. The participants were asked to interact with voice assistants installed on their smartphones and perform five tasks in the interaction phase. The tasks include- messaging a friend, adding an event to a calendar, telling a joke, playing music, and setting a timer. The interaction took almost 15-20 minutes.
After the interaction phase, in the post-interaction phase, the participants were interviewed about their interactions with AI-enabled service technologies (voice assistants). The interview was divided into three parts. In the first part, the participants were asked to explain the purpose of the study. Participants were encouraged to express themselves openly, emphasizing that all thoughts and opinions were valuable and that there were no wrong answers. In the second part, participants were asked to reflect on their interaction experiences and describe AI- enabled service technologies (voice assistants) using human characteristics. They responded to questions like, “Do you consider the AI-enabled service technology to be more human or simply a tool?” “Can you elaborate on this?” and “If the AI-enabled service technology were human, would you form a partner or master relationship with it?” In the final part of the interview, participants were debriefed and thanked for their participation. Each interview lasts for 30-40 minutes.

Data Analysis
The data analysis began with the transcription of interviews and voice notes collected during the structured interviews. A coding scheme was then developed to categorize participants’ perceptions of their relationships with AI- enabled service technologies. The coding scheme included three main categories: utilitarian tool- where participants viewed the technology primarily as a functional tool, collaborative partner- indicating a perception of the technology as an equal partner in interactions, and master-servant- reflecting a hierarchical relationship. Each response was analyzed for recurring themes, patterns, and emotional undertones, providing insight into how participants perceive and interact with these AI technologies.
Findings
The analysis revealed distinct patterns in participants’ perceptions of AI-enabled service technologies. Some
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participants (25%) identified the technology as a utilitarian tool, emphasizing its functionality and efficiency in performing tasks. However, a notable number (65%) viewed the technology as a collaborative partner, indicating a sense of companionship and engagement during interactions. Also, some participants (10%) expressed feelings associated with a master-servant relationship, suggesting a hierarchy in their interactions. Emotional responses varied, with many participants reporting positive feelings when engaging with voice assistants, particularly when they felt understood or supported in their tasks.
Discussion
The findings highlight the complexity of consumer perceptions of AI-enabled service technologies. While many participants primarily view these technologies as tools, the significant number of individuals who perceive them as collaborative partners indicates a shift in how consumers relate to AI. This aligns with existing literature on human-object relationships, suggesting that as AI technologies become more integrated into daily life, consumers may increasingly attribute human-like characteristics to them. The varying relationship dynamics (partner vs. master) underscore marketers and designers need to consider these perceptions when developing and promoting AI technologies.

Implications
Theoretical Implications
The findings of this study contribute significantly to the theoretical landscape surrounding consumer interactions with AI-enabled service technologies. By revealing that most respondents favour a partner relationship with these technologies, the research challenges traditional views of consumer-object interactions, which often categorize AI primarily as utilitarian tools. This preference for a collaborative partnership aligns with theories of anthropomorphism, suggesting that consumers are increasingly willing to ascribe human-like qualities to non- human entities, thus fostering emotional connections.
The study expands existing consumer relationship frameworks by introducing the concept of collaborative partnership as a valid relational dynamic between consumers and AI technologies. This indicates a shift in how consumers engage with technology, highlighting the need for further exploration of emotional and relational aspects in consumer behavior research. Additionally, the findings resonate with social theories that emphasize the importance of interpersonal relationships in shaping consumer behavior. Acknowledging voice assistants as potential partners suggests a need to explore further the social scripts that guide consumer interactions with AI. This opens avenues for future research to investigate how varying consumer demographics and cultural backgrounds may influence perceptions of these relationships.
By recognizing the emotional engagement consumers experience with AI-enabled service technologies, this study highlights the role of emotional intelligence in human-AI interactions. Future research can explore how these emotional connections impact consumer trust, satisfaction, and long-term engagement with AI-enabled services. Managerial Implications
From a managerial perspective, the findings provide actionable insights for companies developing and marketing AI-enabled service technologies. Recognizing that consumers perceive these technologies as partners can guide product development, marketing, and customer engagement strategies. Companies should focus on enhancing the human-like attributes of AI-enabled technologies, emphasizing features that promote companionship, understanding, and collaboration. Designing AI-enabled service technologies that exhibit empathy and adaptability can strengthen the perceived partnership between consumers and AI, leading to greater user satisfaction and loyalty.
Marketing campaigns should highlight the collaborative nature of AI technologies. Emphasizing stories of successful interactions and showcasing testimonials that reflect positive partnership experiences can resonate with consumers. Positioning AI-enabled service technologies as a supportive partner in daily tasks may foster deeper connections and increase the technology’s perceived value. Additionally, organizations can enhance customer engagement by fostering environments that encourage consumers to interact with these technologies as partners. Providing platforms for consumers to share their experiences and feedback can help companies better understand consumer needs and improve AI functionalities accordingly.
As companies increasingly integrate AI into their service offerings, training staff to understand and facilitate these partner-like interactions becomes crucial. Empowering employees with knowledge about AI-enabled service technologies’ emotional and relational dynamics can enhance customer interactions and improve overall service


delivery. With the acknowledgement of AI as a partner, ethical considerations regarding the design and deployment of these technologies become paramount. Companies should strive to establish clear boundaries regarding the role of AI in consumers’ lives, ensuring that interactions do not exploit emotional connections but rather enhance user well-being.
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